Beyond PD-L1: novel PD-1 biomarkers identified by driving T cell dysfunction in vitro
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Figure 2: Method for driving T cell dysfunction in vitro. T cell preparation: PBMCs were isolated from three healthy donors on a Ficoll gradient and References: Qorrespondence.

rested overnight. CD8+ T cells were isolated on magnetic beads, stimulated with CD3/CD28, transduced with NY-ESO-1 lentivirus, and expanded. !  Riaz et. AL., Tumor and Microenvironment Evolution during Simarjot Pabla

TCR expression was confirmed by flow cytometry. Cancer cell preparation: U251 MG cell lines were transduced with lentivirus encoding a fusion Immunotherapy with Nivolumab. simarjot.pabla@agenusbio.com
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reporter system in Jurkat T cells. For co-culture: A fixed number of irradiated U251 MG cells were cultured for 24h. CD8+ T cells were added to Signature Log10(Mutational Burden) + Signature Log10 (Mutational Burden) * Signature Anti-PD-1 Therapy in Metastatic Melanoma. Cell. 2016 Mar .

achieve the desired cancer:T cell ratio. The co-culture was monitored every 24h. If cancer cells were depleted, CD8+ T cells were transferred to a Figure 5: Correlation of Objective Response Rate of anti-PD1/PDL1 treatment in human tumors to A) Tumor Mutation Burden, B) Fraction of PD1 24:165(1):35-44 ' ' dhan.Chand@age_nusblo.com

fresh well of irradiated U251 MG cells and the remainder were collected for downstream analyses. If cancer cells were not depleted, media was high patients (fPD1), C) CD8+ T-Cell Abundance, D) VISION T cell dysfunction signature, and E) Bivariate Tumor Mutation Burden and VISION T cell a (1):35-44. o Presented at Society for Imlmunothera_py of Cancer (SITC),
changed and reassessed the following day. Top Panel) Cytotoxicity kinetics as monitored by live cell fluorescence microscopy. Middle Panel) dysfunction signature. * Morrison, C., Pabla, S., Conroy, J.M. et al. Predicting response to November 10 - 15, 2020, Virtual Meeting

checkpoint inhibitors in melanoma beyond PD-L1 and mutational

Secreted effector molecules measured by Luminex Bead Array, normalized to the maximum signal per molecule. Bottom Panel) Transcriptomic F) Prediction of ORR for TCGA molecular subtypes using the bivariate model. TCGA indications were split into previously defined molecular subtypes .
burden. j. immunotherapy cancer 6, 32 (2018).

landscape of T cell dysfunction across antigen exposures. (e.g. for BRCA - HER2, LumA, LumB, and basal) to validate correlations seen at the indication-level.
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